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1 OIMUC HABYAJIbHOI JUCHUILIIHUA Texnoaoria Data
Mining

I'any3b 3HaHb, cieniajJbHiCTh, OCBITHIH CTYNiHb

["amy3p 3HaHb 12 Indopmariitai TexHOIOTIT
CreriaTbHICTh 122 TmxeHepist mporpaMHoOro 3abe3rneueHHs
OCBITHI} CTYIIHB Marictp

XapakTepucTHKA HABYAJIbHOI JUCHUILTIHA

Bun BubipkoBa
3arasibHa KUIbKICTh TOJIMH 120
Kinbkicte kpemutiB ECTS 4
KibKiCTh 3MICTOBHX MOJTYJIIB 2

dopma KOHTPOJIIO ICTTUT

IToxka3HUKH HABYAIBbHOI AUCHHUILIIHU /151 A€HHOI (P)OPMH HABYAHHSHA

neHHa hopma HaBYaHHS

Pix miaroroBxu 1
Cemectp 2
JIeKk1iligi 3aHATTA 20 ron.
JlaGopatopHi 3aHATTS 30 ron.
KypcoBa po6oTta 30 rog.
CaMOCTIHHOI pOOOTH CTYACHTA 70 ron.

KinpkicTe THKHEBUX T'OAUH
JUISL ICHHOT (DOpMH HABYaHHS:
ayTMTOPHUX 3 rox.
CaMOCTIHHOT pOOOTH CTyZCHTa — 4.5 rop.

2 META TA 3ABJAHHS HABYAJILHOI JUCLUIJITHI

Metoro Buximamanuas gucuumiian  “TEXHOJIOI'ISI DATA MINING”
€ 03HAMOMHTH MaricTpiB i3 HaliCy4acHIIIO TEXHOJIOTiE0 aHami3y ganux — DataMining.

Data Mining — JIOCJIIIIKEHHS 1

3HAXOKCHHS “ MalMHOK ~ (aIrOpUTMaMH, 3aCO0aMH INTYYHOTO
IHTEJIEKTY) Y CHPUX JaHWX CXOBaHUX 3HAHb, AKI PaHilIe HE OYJIU BiOMI,
HETpUBIaJIbHI, MPAKTUYHO KOPHUCHI, TOCTYIHI JIJisl IHTEpIpeTallii JIIOAUHOIO.

VY Kypcl po3TIIsSIIatoThCs 3a/1adl aHali3y JaHuX, [0 CTaB MOXKJIMBUM 3aBJISKU
BEJIMKUM O0OCsIraM HaKONMMYEHUX JAaHUX 3a POKU ICHYBAaHHS MIANPUEMCTBA
1 BUKOPUCTaHHS OMNEpaTUBHUX 0a3 JaHuX. [3 pI3HUX ONepaTUBHUX JHKepen
JaHl MOCTYyNalOTh B €IMHE BEJIMKE CXOBHUIIE JaHMX, J€ 3a JOMNOMOIOI0
CHeIlaJbHUX MPOrPaMHKX 3aC001B aHANI3YIOTHCS 1 KIIACH(PIKYIOThCS.

Kpim Toro, y Kypci po3risgaroThcs Taki

NUTAHHS: ® METOJIU Ta



craxaii rexnosnorii Data Mining; e 3amaui

Data Mining;

o METOJIU MOOYA0BYU MpPaBUI
Kinacudikanii; ¢  anroputMu Kiacudikarii
JaHUX.

OTpuMaHH1 3HaHHA MICAs MPOCIyXoByBaHHs Kypcy «Texnonoris Data
Miningy» MalOyTHIN cHemiaigicT 3M0XKe 3aCTOCOBYBATH SIK MPH MOJAANbIIOMY HAaBYaHHI,
Tak 1 MWicls OTPUMAHHS BHINOI OCBITM Yy CBOiM mpodeciiiHid  IisITIBHOCTI.
OBOJIOAIHHSA TaKMMM 3HAHHAMH JO3BOJIUTh MaillOyTHbOMY CHEUIANICTy AaKTHBHO
BKJIIOUATUCS y MPOLECH, SIKI OB’si3aH1 aHaJITUKOIO.

HabyTTs kOMIeTeHTHOCT!:

3K01. 31aTHICTh A0 aOCTPaKTHOTO MHUCJICHHS, aHAII3y Ta CUHTE3y Ha OCHOBI
JIOT1YHHMX apryMEHTIB Ta JOCTOBIpPHOI 1HpOpMaIlii.

3K04. 31aTHICTh POBEICHHS TCOPETHYHUX Ta MPHUKIATHUX JOCIIKEHb Ha
BIJIMOBITHOMY PIBHI.

3K06. 3maTHICTh YyJAOCKOHAIIOBATA CBOI HABHYKM Ha OCHOBI aHami3y
MOTIEPETHHOTO JTOCBIAY.

®KO02. 3paTtHicTh iAeHTU(DIKYBAaTH, KIacH(pIKyBaTH Ta OMNHCYBaTH MPOEKTHI
3aBJIaHHS, 3HAXOAUTH palliOHAIbHI METOU M IMAXO0H JI0 iX pO3B’sI3aHHS.

3MPOI'PAMA I CTPYKTYPA HABYAJIbHOI JUCHUILIIHA

3micToBuii Mmogyan 1.DataMining — TexHoorist aHaNI3y JaHUX.

Tema aexuiinoro 3ausarra 1. DATA MINING — ocHOBHI 1010KEHHS.

Po3Butok TexHosoriii 0a3 mannx. HakomnueHHS BEJIUKUX OOCATIB TaHUX.
UuHHUKM BUHUKHEHHS TexHosorii DataMining. Bimminnocti DataMining Bix
THIIUX METOJ1B aHATI3Y JaHUX.

Tema nexkuiiinoro 3ausarra 2.0LAP i DataMining.

Texnonoris omnepaTuBHOrO aHamizy pgaHux. CTBOpPEHHS CXOBWINA JIaHUX.
[lepenava TpaH3aKIIMHUX AaHUX  PIZHOTO NOXOJDKEHHS Y
CXOBHIIIE JAHUX. Cnyx0a
BIMicrosoftSQLServer. [TopiBHSHHS MOKIHBOCTEH ABOX TEXHOJIOTIH.
Tema Jexkuiiinoro 3ausrra 3. [lepcnektuBu Texyoaorii DataMining.
Bupginenns tumiB npeaMeTHUX oO0JacTel 3 BIAMOBIAHUMH iM €BPUCTHKAMH.
CtBopeHHst (opmadbHUX MOB 1 JIOTIYHMX 3aco0iB. CTBOpEHHS METOIB
DataMining, 3nataux (opMyBaTH SIKiCh TeOpii, IO CHHPAIOTHCS HA EMITIPUYHI
nani. IlomomaHHsS ICTOTHOTO BiJCTaBaHHS MOJKIIMBOCTEH 1HCTPYMEHTAIBHUX
3aco0iB DataMining Bijx TeOpEeTHYHUX JOCITHEHb Y i rarys3i.
Tema aexuiiinoro 3anarrd 4. 3amaudi DataMining.
Knacudikauiga. Perpecis. [lomyk acomiatuBaux mpasui. Kiacrepusaiis.
Tema aexkuiitnoro 3anarrab. Kiacudikawis cragii DataMining.
Cranis 1. BusiBieHHsI 3aKOHOMipHOCTE ¥ (BITbHUE TOMIYK).
Cramis 2. BuxopucTtaHHs  BUSBJICHUX  3aKOHOMIPHOCTEH IS
nepea0aYeHHs HEBIJOMHX 3HAYCH b (IPOTHOCTHYHE MOJICTIOBAHHS).
Cranis 3. AHaji3 BUHATKIB - CTajis MpU3HAYEHA ISl BUSIBJICHHS 1 TTOSICHCHHS




aHOMaJTii, 3HAHICHUX B 3aKOHOMIPHOCTSIX.
3micTtoBuii  moayab 2. Knacudikamis — maHux.
AJroputmu. Tema JeKIiiiHoro 3aHSATTHA
6.Knnacudikamig i perpecisi.
Pesynbratu pimenns 3amaui knacudikamii. Meroau pimenns. PerpecuBnuit
aHaji3.

Tema  JgexkniiiHoro 3aHsaATTa /.MeToanm  nmoOYVOOBH  MPaBUI

knacudikanii. Anroput™m nobymnosu 1-mpasuin. Metox Naive Bayes.

Tema Jekuiiinoro 3auarrda 8. CremiagpHli MeTOaM NOOYIOBH MPABWII
Kaacudikarii.

Hepesa pimenb. Knacrepusauis. Matematuysi QyHKIIi.

Tema aexkuniiinoro 3auarra 9. [omyk acoriaTUBHUX IIPaBUIL

ITocranoBka 3amaui. Tpan3zakiii: HaOlp, Tabmuisg 1 MHOXUHA. [lpuknaau
BUKOPHUCTaHHS.

CTPYKTYPA HABYAJBHOI JUCHUILITHA

KinpkicTs Togua
Ha3Bu 3micToBux Aienna dopma - 3aouna popma -
. THKH | YCBO y TOMY YHUCI1 yChOT y TOMY YHUCI
MOJIYJIB 1 TeM X - -
1 ro n | o| mab6 | g | c.p. 0 a | m | mab | iHg | c.p
1 2 3 4 |51 6 | 7| 8 9 (10|11 12 |13 | 14
3mictoBuil Moaysh 1. DataMining — TexHosIoris aHaMI3y JaHUX
Tema 1. DATA 1 16 2 4 10
MINING - ocHoBHi
MTOJIOKEHHS
Tema 2. OLAP 1 1 32 4 8 20
DataMining
Tewma 3. Knacudikamis | 2 18 4 4 10
craaiit DataMining
Pa3oMm 3a 3MicTOBUM 2 66 10 16 40
Moaynem 1
3mictoBuit Monynb 2. Knacudikaiis 1aHux. AJropuT™M

Tema 4. Knacudikamis | 3 16 2 4 10
1 perpecis
Tema 5. Meroau 4 18 4 4 10
noOyZI0BU MTpaBUII
knacudikamii
Tema 6. [Tomyk 5 20 4 6 10
acoI[laTUBHUX TPaBUI
Pa3om 3a 3micToBUM 3 54 10 14 30
MoyneMm 2

YCBOIO | O 120 zU §{0) [4V)




4 TEMHU JJABOPATOPHHUX 3AHATH

No HasBa remun KinbkicTh
3/ TOINH
1 | IToOGynoBa cxoBHIA TaHUX IS 3a]la4 aHAJII3y B CEpPEAOBUIII 6
Bl Microsoft SQL Server. OrpuMaHHS TaHUX y CXOBHIIE
13 IBOX PI3HUX JIKEpEIL.
2 | O6uuncnenns KPI B cepenosurui Bl Microsoft SQL Server. 6
3 | Po3poOka kBamiikamiiHUX OpaBuia 3a aonomMorow 1R- 4
aNTrOpUTMY.
4 | Busnauenns anroputmy Naive Bayesy Burisiji npuknaia. 4
O | 3HaXOJKEHHsSI MHOKMHU YacTux Habopis (L) mns npuknany, 4
Ipu Suppmin:O,S.
6 | Bukopucranus anropurmy Apriori. 6

5 KOHTPOJIBHI IMTAHHSA, KOMIVIEKTHU TECTIB JJI1 BUSHAUEHHSA

agbkrwn =

6.

7.

PIBHA 3ACBO€EHHA3HAHb CTYAEHTAMMU

OcnoBHi 3acanu TexHonorii Data Mining.

Cranii Data Mining.

Knacudikamis 3agau Data Mining.

Knacudikamis i perpecis. Bupimenns nux 3agad metogamu Data Mining.
Cnocobu mpenctaBieHHs  pe3yJbTariB  kiacudikamii 1 perpecii.
Knacudikariitai npasunia.

Crocobu mpejcTaBieHHs pe3ynbTatis 3agad Data Mining. epesa pimieHs i
MaTteMaTU4H1 (yHKIII.

Metoau moOymoBu npaBui kiacudikaiii. Anroputm nodyaosu 1-npasui. 8.

[Tomryk acomiaTUBHUX mpaBmi. Asroput™ Apriori.

Kommextu tectiB po3ramonani B ocepeaxy EHK 3a mocunanusm:
https://elearn.nubip.edu.ua/course/view.php?id=919.

6 METOIU HABYAHHSA

dopmu HaBYaHHS — JIEKIIi1, JJAOOPATOPHI 3aHATTS, CAMOCTIiHA pOOOTa,
1HAMBIyallbHa poOOTa — KYPCOBHH MPOEKT.
[Tpu BuKIagaHH1 AUCIUIUTIHA BUKOPUCTOBYIOTHCSI HACTYITHI METOIM HABYAHHS:

M1. Jlekis (mpobieMHa, IHTEpaKTUBHA)

M2. JlaGopaTopHa poOoTa — Jjisi BUKOPUCTAHHS HAOYTHUX 3HaHb JI0 PO3B’SI3yBaHHS
MPAKTUIHUX 3aBIaHb;

M3. IIpoGneMHe HaBYaHHS — CTBOPEHHS MPOOJIEMHOIT CUTYyaIlli JIJIsl 3al[lKaBICHOTO 1
AKTUBHOTO CIIPUUHSATTS MaTepiaiy.

M4. TIpoexTHe HaBuaHHs (1HAUBIAyaJbHE, MaJll TPYNH, TPYIIOBE)



7 ®OPMU KOHTPOJIIO
[Ipu BUKIagaHH1 JUCHUIUTIHY NiepeadadeHi Taki (OpMHU KOHTPOJIIO:

MKI. TecryBanus

MK?2. KoHTpoJibHE 3aBIaHHS

MK4. MeToin yCHOro KOHTPOJIIO

MKS. Ex3amen

MK?7. 3BiT

Jlist cTyneHTiB AeHHOi ¢opMu HaByaHHS: ycHe onutyBaHHA (MK4) Ta ekcmpec
koHTpodb (MK1) Ha naGopaTopHUX 3aHATTAX, 3aXHUCT IHAUBIIYAIbHUX J1a0OpaTOPHUX
3aBaanb (MK?7), ayautopHi MmonysabH1 KOHTpOJbHI pobotu (MK2).

8 PO3MOAIJ BAJIIB, IKI OTPUMYIKOTb CTYJAEHTHU
[1i yac KOHTPOJIIO 3HAHb CTYJIEHTIB BPaXOBYIOUM HACTYIIHI BUAU POOIT:
® po0oTa CTy/leHTa Ha JIEKUIMHUX 3aHITTIX;
® 3aXHUCT JJa0OpPaTOPHOT POOOTH CTYACHTOM;
® ayJUTOPHI MOJYJIbHI KOHTPOJIBHI poO0oTH — 110 30 Oais.

[ToTOYHMI KOHTPOJIb ) Peiimum ) [lincym
Pelitun PeiiTun KOBa
r3 r3 r arecrar Saraim
3micto | 3micTto | 3micTto | 3MicTO JI0JTaTK Ha
. . . . HaBYaJj . | mTpad s L
BUI BU BUM BUI . OBO1 . KUIBKIC
MOAYJIb | MOJYJb | MOAYJb | MOYJIb bHOI pobotu HHH (exsame Th
1 2 3 g | podomn | Tp o | R | B s
R up yu
3aJTIK)
0-100 0-100 0-100 0-100 0-70 0-20 0-5 0-30 0-100

1. Bignosinuao no «IlonoxeHHS TPO KpeaUTHO-MOIyIbHY cucTteMy HaBuaHHs B HY Bill
VYkpainny», 3arBepikeHoro pexkropoM yHaiBepcutety 03.04.2009 p., peHTHHT CTyleHTa 3
HaBYaJbHOI POOOTH R Hp CTOCOBHO BHWBYEHHS II€BHOI JUCIUILIIHM BHU3HAYAETHCSA 3a
dbopmyoro

0,7 (RW3y + KBz + ... + RMWzy+ KM3yp)
Rup = ---=-==mmmmmmm oo + Rap - Rurre,
Kmuc
ne RMsy, ... RMgy — PEUTHHTOBI OI[IHKU 3MiCTOBUX MOAYJB 3a 100-0aibHO0 IIKaJI0¥0;
N — KUIBKICTh 3MICTOBHX MOJTYJIIB;

K(1)3M, vo. K3y — kinbKicTh kpeautiB ECTS, nepenbaueHnx poOoYuM HaBYAIBHUM
TIJIAHOM JIUTSI BIJITIOBITHOTO 3MICTOBOT'O MOIYJIS;

Kmuc = KWy + ... + K3y — kimbkicts kpeantiB ECTS, mepemdaueHux poOodnm
HaBYAJILHUM TIJIAHOM JIJIS TUCIUIUIIHN Y TOTOYHOMY CEMECTPI;

R np — peHTHHT 3 10AaTKOBOI pOOOTH;

R wrp — pedTuHr mrpadpHui.



Hageneny dopmyny moxua cripoctuty, sikmio npuitaata KMsy = ...= KMWay. Toni
BOHA Oy/ie MaTH BUTJIS

0,7° RWgy + ... + RM3yp)
Rup = ------=-=-=-mmmmmmmo oo + Rap - Rure.
n

Peitmune 3 0ooamkoeoi pooomu R np nogaerbest 1o R np 1 He Moxke nepeBuuryBatu 20
O6amiB. BiH BH3HauyaeTbcsl JIEKTOPOM 1 HAJAEThCA CTYACHTaAM pilleHHAM Kadenpu 3a
BUKOHAHHS POOIT, sIKl HE mependadeHi HaBYaJIbHUM IUIAHOM, aJie CIPUSIOTH IT1JBUIIICHHIO
piBHS 3HaHb CTYJICHTIB 3 AUCLMILIIHU.

Peimunz wumpagnuit R wrp He nepepuinye 5 6aniB 1 BigHiMaeTbest Big R pp. Bin
BU3HAYAETHCS JIEKTOPOM 1 BBOJUTHCA DIlIEHHSAM Kadeapu JUisl CTYAEHTIB, Kl marepiai
3MICTOBOTO MOJYJISI 3aCBOLJIM HEBYACHO, HE JIOTpUMYBaIUCS rpadika poOOTH, MPOIYyCKaIH
3aHSTTSI TOUIO.

2. 3rigHo 13 3a3HaueHUM [lONOKEHHSIM nid2omoeKka i 3axucm Kypcoeozo NpoeKmy
(pooomu) ouinroetbes 3a 100 OGanbHOI0O IMIKAJOK 1 Jajil MEPEeBOJUTHCS B OIIIHKH 32
HAIlOHAJIBHOIO IIKAJIOIO.

IIIkana OUiHIOBAHHA

) ) O1iHKa 3a HAIllOHAJIBHOK MIKAJIOK
Cywma GauiB 3a BCi BUIU
i i | U eK3aMeHy, KypCOBOTO IPOEKT :
HABYAJIBHOI JisTIBHOCTI Y, Kyp POCKTY JUISL 3aTiKY
(poboTH), TPAKTHKHU
90 - 100 BIZIMIHHO
74-89 no06pe
3apaxoBaHO
60-73 3aJ0BUIBHO
35-59 HE3a/I0BUTLHO 3 MOXKJIMBICTIO HE 3apax0BaHO 3 MOXKIIUBICTIO
TIOBTOPHOTO CKJIAJIaHHSI MIOBTOPHOTO CKJIAJJaHHSI
HE3a/I0BUTLHO 3 000B’SI3KOBUM HE 3apaxoBaHoO 3
0-34 MOBTOPHUM BHBYCHHSIM 000B’I13KOBUM TTOBTOPHUM
JTUCIHILTIHH BUBUYCHHSIM JTUCITUILTIHU

9 METOJIUYHE 3ABE3INEYEHHS

1. Tony6 b. JI., Amyx JI. ¥O. Opranizamis cxosuni qanux: HaBuansHuil mociOHUK
10 BUBUEHHS Aucuumiinu « Opranizaiis cxoBui aanux». — Kuis, 2018. — 150 c.

2.1. MetoanuHi BKa3iBKH 10 BHKOHAHHS JJAOOPATOPHUX POOIT 3 AUCIMILTIHU
«Texnomnoris Data Mining» ajst cTyieHTIB, 1110 HABYAIOTHCS 3a clelianbpHicTio 122

«Komm’totepui Haykm» OC «Marictp» / T'ony0o B.JI. — PenakuiiiHo-BUIaBHAYMEA BiLILT
HVYBill Ykpainu, 2021. -60c.

10 PEKOMEH/JOBAHA JIITEPATYPA

ba3oBa
1. ITaxnun H. b. busnec-ananutuka: ot gaHHbIX K 3HanusM.Ilakmun H. b.,



OpemkoB B. I.— CI16.: U3n. Iutep, 2009. — 624 c.

2. Jlrox B.DataMining: yue6nsiii kypc / ok B., Camoiinenko A.— CIIO.:
N3a. Iutep, 2001. — 368 c.

3. Kypapnés HO.M.PACITOBHABAHUE. MaremaTuueckue METOJbI.
[Iporpammuas cucrema. [Ipaktinueckue npumenenus / Xypasnés F0.U., Ps3zanos B.B.,
Cenrpko O.B.— M.: U3n. «dazucy, 2006. — 176 c.

4, 3unoBbeB A. FO.Busyanumsamust MHOromepHbix naHHbIX / 3uHOBBEB A. 0. —
Kpacnosipck: U3n. KpacHOsSpckOro rocygapCTBEHHOTO TEXHUYECKOTO YHUBEPCUTETA,
2000. — 180c.

5.  Uyobykosa U. A.DataMining: yue6Hoe nmocobue ./ UyOykoBa . A.— M.:
NurtepHer-yHuBepcuteT uHopMaimoHHbix TexHosnoruii: BMHOM: Jlabopatopus
saanuii, 2006. — 382 c.

JlonaTtkoBa
1. lan H. WittenDataMining: PracticalMachineLearningToolsandTechniques /


http://ru.wikipedia.org/wiki/%D0%96%D1%83%D1%80%D0%B0%D0%B2%D0%BB%D1%91%D0%B2%2C_%D0%AE%D1%80%D0%B8%D0%B9_%D0%98%D0%B2%D0%B0%D0%BD%D0%BE%D0%B2%D0%B8%D1%87
http://ru.wikipedia.org/wiki/%D0%96%D1%83%D1%80%D0%B0%D0%B2%D0%BB%D1%91%D0%B2%2C_%D0%AE%D1%80%D0%B8%D0%B9_%D0%98%D0%B2%D0%B0%D0%BD%D0%BE%D0%B2%D0%B8%D1%87
http://www.solutions-center.ru/
http://ru.wikipedia.org/wiki/%D0%96%D1%83%D1%80%D0%B0%D0%B2%D0%BB%D1%91%D0%B2%2C_%D0%AE%D1%80%D0%B8%D0%B9_%D0%98%D0%B2%D0%B0%D0%BD%D0%BE%D0%B2%D0%B8%D1%87
http://pca.narod.ru/ZINANN.htm
http://www.intuit.ru/department/database/datamining/

lan H. Witten, EibeFrankandMark A. Hall — 3rd Edition. — Morgan Kaufmann, 2011.
— P. 664. u.], 2005. - 159 c.

11 IH®OPMAIIIMHI PECYPCH

1. EHK mno padiii JAMCHMIUIIHI 3HAXOAUTHhCA 3a EJIECKTPOHHOIO
aapecoro. https://elearn.nubip.edu.ua/course/view.php?id=919



https://elearn.nubip.edu.ua/course/view.php?id=919

